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Can we leverage data on cheaper
experiments to prioritise more
expensive experiments?
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mwwE | Pipeline to handle natural peptides
' (sequences) and synthetic ones
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Automated negative sampling

Diverse input data Input Preprocessing Pipeline

) //\\E/\\

Single Positive Negatives
input -

format E E

DBs of bioactive

\ / \ peptides /

pipeline

Non-canonical
peptide

/Canonicalpeptide\ /
M { Sequence }

Peptidomimetic

BY..

- /
Model building
Model evaluation \
/ \ Selection of peptide

Estimation of ) representation

performance in
unseen data )| ¢ Selection of learning

~ [ algorithm
Robust statistical
b testing [ Model hyperparameter

S J At
) GENOMICS \ / optimisation
| DATA SCIENCE \

/



and contact info

Peptide Information Embedding

é GENOMICS
</ DATA SCIENCE

/More information\

Protein LM

Small molecule LM

Peptide LM

Small molecule Fingeprint

Peptide Fingerprint

synthetic peptides?

Can we leverage data on natural
peptides to predict the properties of

Advanced Language Models (LM)

Yes, it is
Traditional methods are the
best strategy available

‘ Traditional cheminformatics
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Conclusions

1. AutoPeptideML empowers experimental scientist to build their own
models

2. Version 2.0 extends support to synthetic peptides and
peptidomimetics

3. CLIand Webserver GUI facilitate compliance with FAIR principles

4. Aims to reduce costs associated with experimenting with synthetic
peptides by identifying the most promising candidates

Synthetic peptides and peptidomimetics

Natural peptides .
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A lightning talk is lightning fast,
so if want to learn more,
feel free to reach out
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